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Figure 1: Hierarchy structure example.
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» Range Cost

a(S) : the total adjusted weight.
Sw={i:u<i<v} js the subset of all keys in S that lie strictly between u and v.

Range Cost is minimized when the set X is a pair of keys
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» Hierarchy

p({u.v})= W, W, (Wu W, +a(Sy) a(sc)j

a(s) 3 2

a(S) : the total adjusted weight.
Sw={i:u<i<v} js the subset of all keys in S that lie strictly between u and v.

Sc : the remaining leaf nodes in the same subtree.

» Adjusted weight of candidate set

ZieCAND(X) &

M (a, X)

~ |cAND(x)| -1
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» C=3/2, k=3, k/fc=2
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